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Linear classification model
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1-dimensional
input space

2-dimensional
input space

Comparing regression and classification

Regression

Classification
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Nonlinear decision boundaries through input space expansion

Linear decision boundary Nonlinear decision boundary Nonlinear decision boundary
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Decision bound_aries are linear in
expanded input space:

2 2
{x,,xz,xl ,xz,xle}

Kendrick Kay, Washington Univ. in St. Louis



Logistic function
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Logistic regression
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Some classification techniques

Logistic regression Linear discriminant analysis (LDA) Support vector machines (SVM)
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